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https://digital-strategy.ec.europa.eu/en/policies/regulatory-framework-ai

28 Data protection explained - European Commission

https://commission.europa.eu/law/law-topic/data-protection/data-protection-explained_en

29 Al Risk Management Framework | NIST

https://www.nist.gov/itl/ai-risk-management-framework

0 ERFATEERS ERETNE - FEMEM
https://www.cac.gov.cn/2023-07/13/c_1690898327029107.htm

32 AMD Ryzen™ Al Max+ 395

https://www.amd.com/en/products/processors/laptop/ryzen/ai-300-series/amd-ryzen-ai-max-plus-395.html

33 Intel® Arc™ Pro B60 Graphics - Product Specifications
https://www.intel.com/content/www/us/en/products/sku/243916/intel-arc-pro-b60-graphics/specifications.html
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https://www.microsoft.com/en-us/store/configure/surface-rtx-spark-dev-box/8wg5vqp0x4gr
https://www.microsoft.com/en-us/store/configure/surface-rtx-spark-dev-box/8wg5vqp0x4gr
https://www.apple.com/newsroom/2026/08/apple-introduces-new-mac-studio-with-m5-max-and-m5-ultra/
https://www.apple.com/newsroom/2026/08/apple-introduces-new-mac-studio-with-m5-max-and-m5-ultra/
https://docs.nvidia.com/rtx-spark/rtx-spark-porting-guide/0.1.0/overview.html
https://docs.nvidia.com/rtx-spark/rtx-spark-porting-guide/0.1.0/overview.html
https://nvidianews.nvidia.com/news/nvidia-microsoft-windows-pcs-agents-rtx-spark
https://nvidianews.nvidia.com/news/nvidia-microsoft-windows-pcs-agents-rtx-spark
https://nvidianews.nvidia.com/news/nvidia-microsoft-windows-pcs-agents-rtx-spark
https://docs.nvidia.com/rtx-spark/rtx-spark-porting-guide/0.1.0/uma/index.html
https://docs.nvidia.com/rtx-spark/rtx-spark-porting-guide/0.1.0/uma/index.html
https://developer.nvidia.com/blog/scaling-autonomous-ai-agents-and-workloads-with-nvidia-dgx-spark/
https://developer.nvidia.com/blog/scaling-autonomous-ai-agents-and-workloads-with-nvidia-dgx-spark/
https://developer.nvidia.com/blog/scaling-autonomous-ai-agents-and-workloads-with-nvidia-dgx-spark/
https://developer.nvidia.com/blog/scaling-autonomous-ai-agents-and-workloads-with-nvidia-dgx-spark/
https://developer.nvidia.com/blog/scaling-autonomous-ai-agents-and-workloads-with-nvidia-dgx-spark/
https://docs.nvidia.com/nemo-framework/user-guide/25.04/sft_peft/peft_nemo2.html
https://docs.nvidia.com/nemo-framework/user-guide/25.04/sft_peft/peft_nemo2.html
https://www.redhat.com/en/about/press-releases/red-hat-acquire-neural-magic
https://www.redhat.com/en/about/press-releases/red-hat-acquire-neural-magic
https://www.epo.org/en/news-events/in-focus/digital-innovations/ai-use-at-the-EPO
https://www.epo.org/en/news-events/in-focus/digital-innovations/ai-use-at-the-EPO
https://www.ppc.go.jp/news/careful_information/230602_AI_utilize_alert/
https://www.ppc.go.jp/news/careful_information/230602_AI_utilize_alert/
https://www.ppc.go.jp/news/careful_information/230602_AI_utilize_alert/
https://www8.cao.go.jp/cstp/ai/ai_act/ai_act.html
https://www8.cao.go.jp/cstp/ai/ai_act/ai_act.html
https://www.meti.go.jp/shingikai/mono_info_service/ai_shakai_jisso/pdf/20260331_1.pdf
https://www.meti.go.jp/shingikai/mono_info_service/ai_shakai_jisso/pdf/20260331_1.pdf
https://www.bunka.go.jp/seisaku/chosakuken/aiandcopyright.html
https://www.bunka.go.jp/seisaku/chosakuken/aiandcopyright.html
https://www.bunka.go.jp/seisaku/chosakuken/pdf/94097701_02.pdf
https://www.bunka.go.jp/seisaku/chosakuken/pdf/94097701_02.pdf
https://digital-strategy.ec.europa.eu/en/policies/regulatory-framework-ai
https://digital-strategy.ec.europa.eu/en/policies/regulatory-framework-ai
https://commission.europa.eu/law/law-topic/data-protection/data-protection-explained_en
https://commission.europa.eu/law/law-topic/data-protection/data-protection-explained_en
https://www.nist.gov/itl/ai-risk-management-framework
https://www.nist.gov/itl/ai-risk-management-framework
https://www.cac.gov.cn/2023-07/13/c_1690898327029107.htm
https://www.cac.gov.cn/2023-07/13/c_1690898327029107.htm
https://www.amd.com/en/products/processors/laptop/ryzen/ai-300-series/amd-ryzen-ai-max-plus-395.html
https://www.amd.com/en/products/processors/laptop/ryzen/ai-300-series/amd-ryzen-ai-max-plus-395.html
https://www.intel.com/content/www/us/en/products/sku/243916/intel-arc-pro-b60-graphics/specifications.html
https://www.intel.com/content/www/us/en/products/sku/243916/intel-arc-pro-b60-graphics/specifications.html

34 Lenovo servers now available for Graphcore IPU systems
https://www.graphcore.ai/posts/lenovo-servers-now-available-for-graphcore-ipu-systems

35 Cerebras

https://www.cerebras.ai/

37 Parameter-Efficient Fine-Tuning - NVIDIA Documentation
https://docs.nvidia.com/nim/large-language-models/1.8.0/peft.html
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