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29 49 52 Recursive Self-Improvement through Collective Intelligence
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Multi-Agent Self-Supervision
https://arxiv.org/html/2610.12176v1

5 Sakana Fugu: One Model to Command Them All

https://sakana.ai/fugu-release/

11 17 48 GitHub - SakanaAl/mass: Multi-Agent Self-Supervision - GitHub
https://github.com/SakanaAl/mass

20 22 The Darwin Godel Machine: Al that improves itself by ...
https://sakana.ai/dgm/
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23 Create custom subagents - Claude Code Docs

https://code.claude.com/docs/en/sub-agents

24 A2A Protocol
https://a2a-protocol.org/latest/

25 Subagents

https://learn.chatgpt.com/docs/agent-configuration/subagents

26 Sakana Fugu — Multi-Agent System as a Model
https://sakana.ai/fugu/

21 Recursive self-improvement of Al research agents
https://arxiv.org/abs/2609.26457

28 Google Patents
https://patents.google.com/

31 Al Risk Management Framework

https://www.nist.gov/itl/ai-risk-management-framework

32 53 MASS: Recursive Self-Improvement through Multi-Agent Self-Supervision
https://pub.sakana.ai/mass/

3 ATHEEREERMOMARERVERAOHEICET 2ER (ALK -BERMi -1/ R—=>3> -"E
K3

https://www8.cao.go.jp/cstp/ai/ai_act/ai_act.html
34 51 ATHIGERSER M OMBRAEREROEMEMRERICEET 2158 - BIERM - 1/ RX—2 3> - W
K3

https://www8.cao.go.jp/cstp/ai/ai_guideline/ai_guideline.html

35 White House Unveils America's Al Action Plan

https://www.whitehouse.gov/releases/2025/07/white-house-unveils-americas-ai-action-plan/

36 Al Act | Shaping Europe's digital future - European Union

https://digital-strategy.ec.europa.eu/en/policies/regulatory-framework-ai

38 Sakana Al: Gemini Enterprise Agent Platform ZH—E X ...
https://cloud.google.com/blog/ja/topics/customers/sakana-ai-fully-adopts-the-gemini-enterprise-agent-platform-as-its-

service-infrastructure

40 41 Generative Al and Jobs: A Refined Global Index of Occupational Exposure | International Labour
Organization

https://www.ilo.org/publications/generative-ai-and-jobs-refined-global-index-occupational-exposure

42 46 Recursive Self-Improvement through Multi-Agent ...

https://academy.dair.ai/papers/recursive-self-improvement-through-multi-agent-self-supervision-2610.12176

43 Why recursive self-improvement suddenly became a ...

https://www.ibm.com/think/news/why-recursive-self-improvement-ai-serious-question

44 Sakana Al (@SakanaAlLabs) / X
https://x.com/SakanaAlLabs

45 Al's recursive self-improvement might not come so quickly ...

https://www.reddit.com/r/BetterOffline/comments/1whh9xa/ais_recursive_selfimprovement_might_not_come_so/
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47 Sakana Al. BBOAIETILZBRASETEVWNT+—I V% ..
https://gihyo.jp/article/2026/06/sakana-fugu
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